ESG
EBA - Mapping Climate Risk: Main Findings from
the EU-wide Pilot Exercise
Jul 2021

ESSENTIAL SERVICES FOR
FINANCIAL INSTITUTIONS

Copyright © 2021 – Iason Consulting Ltd. All rights reserved

At a Glance

01
02
03
04

Overview and Data

3

Data Classification Approaches

10

Green Taxonomy Classification
Exercise

24

Conclusions and Next Steps

36
Copyright © 2021 – Iason Consulting Ltd. All rights reserved

Overview and Data
Introduction
The Pilot Exercise
Scope, Sample and Data Coverage

Copyright © 2021 – Iason Consulting Ltd. All rights reserved

Overview and Data 1/6
Introduction 1/2
The assessment of climate risks presents unique challenges compared to the traditional risk
evaluation and requires a reconsideration of the risk assessment tools and data requirements
currently available. This becomes even more challenging when it comes to stress testing and
scenario analysis.

Obstacles for designing
a climate risk stress test
framework

Challenges in
calibrating climate risk
scenarios for transition
and physical risks

•

Lack of a well consolidated set of climate risk indicators and comparable,
granular and consistent data for their calculation.

•

As a result, methodologies to quantify climate risk heavily rely on expert
judgment, approximations and assumptions.
High uncertainty affecting the projections of financial and macroeconomic
variables.

•

•

The interactions between policy implementation, technology shocks and their
effects on different economic sectors.

•

The usage of long time horizons to evaluate transition paths challenges the way
risks are usually assessed.

•

The evolution of climate risks cannot be inferred by using historical information
and, therefore, a forward-looking approach would be more appropriate.
4
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Overview and Data 2/6
Introduction 2/2

Need

First Step

Missing

The measurement of the financial impact of climate risks should be based on
commonly agreed definitions and indicators to achieve consistency.

The introduction of the EU taxonomy, which provides a universal and harmonised
definition of economic activities considered as environmentally sustainable (‘green’).
However, a similar standard definition of environmentally ’harmful‘ activities would be
very helpful when assessing risks related to the transition to a more sustainable
economy.

Supervisors, central banks and other institutions have started setting the fundamentals for
incorporating climate risk in their risk assessment tools, putting in place initiatives to explore how 5
climate risk could be framed in scenario analysis or stress testing.
5
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Overview and Data 3/6
The Pilot Exercise 1/2
First EU-wide exercise for the banking sector, based on a sample of volunteer banks (29).
Its main objective is to explore data and methodological challenges to categorise
exposures, on the basis of selected climate risk factors.

The exercise aims at testing banks’ readiness to apply the criteria set by the EU
taxonomy.

1

2
3

To provide an estimate of the current levels of taxonomy aligned exposures.

The raw data, which covers large EU corporate exposures, were subject to several
rounds of quality checks to ensure comparability and consistency of results.

6

6
Copyright © 2021 – Iason Consulting Ltd. All rights reserved

Overview and Data 4/6
The Pilot Exercise 2/2
Banks starting from 2022 should disclose, in addition to the green asset ratio, the alignment of their
exposures with taxonomy criteria. Banks were also asked to provide an estimate of the ‘greenness’
or alignment with the EU taxonomy criteria of the exposures (green data classification).

The exposures were
classified
by the EBA, with both a
sector-based and an
emission-based
approach.
In parallel, a top-down
tool for gauging the
amount of exposures
aligned with the EU
taxonomy was also
applied to complement
the analysis.

The green data
classification was
supplemented by a
questionnaire, which
has provided
information about the
main challenges faced
by banks when running
such classification.

A scenario analysis to
estimate the possible
impact of transition
and physical risk on
banks’ balance sheets.
The analysis was run by
applying shocks to risk
parameters to measure
the impact in terms of
expected loss.

7
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Overview and Data 5/6
Scope, Sample and Data Coverage 1/2
The data analysed as of December 2019 covers non-SME corporate exposures to non-financial
obligors domiciled in EU countries under both the standardised approach (SA) and the internal
ratings based (IRB) approach.

477,000 unique obligors located in 29 countries.
Participating banks
were asked to provide
the original exposure
value, risk parameters,
risk weighted assets
and information on
NACE 2 level 4 classes
for each obligor in the
scope.

Regarding financials,
only three NACE
classes from the
Financial section (K)
were considered
relevant and included
in the scope of the
exercise.

NACE level 4 classes
included in the exercise
are Monetary
intermediation,
Activities of holding
companies and Trusts,
funds and similar
financial entities.

8
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Overview and Data 6/6
Scope, Sample and Data Coverage 2/2
Comparison between COREP data from
participating banks and the data collected
for the pilot exercise.
The total original exposure submitted by
banks equals to EUR 2.35 trillion, that is:
• 42% of total corporate exposure 5.63
trillion
• 78% of non-SME corporate exposures to
obligors domiciled in EU countries 3,014
trillion.

4.4% - 46.7%

Eur Trillion

Total original exposures collected in the pilot exercise and
comparison with COREP data

6
5
4
3
2
1
0
COREP

non-SME exposure
Eur Trillion

Submitted in the
pilot exercise

Range of the share of the RWA submitted under the scope of this exercise as a part of total
banks’ RWA ranges across banks. The dispersion is explained by their different business models
and also by the fact that some banks were not able to provide the full scope of the data.
The sample of participating banks covers a wide range of business models ownership and size.9

9
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Data Classification Approaches 1/13
Banks’ corporate exposures are classified according to two data classification approaches.

Sector-based classification approach
CPRS

GHG emission-based classification
approach

Maps the standard EU classification of
economic activities (i.e., the NACE) into
categories that are relevant for climate
transition risks. In this way, banks’ exposures
could be classified based on the sector of the
counterparty.

It consists of using carbon footprints and
mapping GHG emissions to individual borrowers
or to their sectors. This approach can be
applied at different levels of granularity (i.e.,
borrowers or sector) and it usually requires the
usage of data from external providers

The findings of this assessment should provide empirical evidence on the advantages and the weaknesses of the two
approaches. Given the methodological and data limitations, the figures should serve as a starting point for future work on 11
data classification.
11
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Data Classification Approaches 2/13
Sector-based Classification Approach 1/3
The CPRS splits into eight categories:

1. Fossil Fuel

2. Utility

3. Energyintensive

4. Buildings

5. Transportation

6. Agriculture

7. Finance

8. Others

Exposures to CPRS 1 to 6 are defined as
those exposures that may be potentially
affected by climate transistion risks

When companies operate in multiple business lines. In this case, using a NACE code which is based on
the main activity of the company does not capture all the transition risk. Finally, the CPRS approach only
allows data to be classified into climate relevant sectors without providing a grading scale across 12
activities or sectors.
12
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Data Classification Approaches 2/13
Sector-based Classification Approach 2/3
EUR 2,34
Trillion

Distribution
of
exposures:

Exposures submitted by banks

EUR 2,3
Trillion

Exposure classified

EUR 1,36
Trillion

Exposure allocated to CPRS 1-6

EUR 940
Billion

Exposure allocated to CPRS(7-8)

CPRS approach allows a climate-relevant assessment to be made of a large part of financial assets.

13
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Data Classification Approaches 3/13
Sector-based Classification Approach 3/3
For half of the banks in the sample the share of CPRS 1-6
related exposures to Manufacturing (C), Construction (F),
Transportation (H), Water supply (E) and Mining and
quarrying (B) is greater than 70%.
L - Real
State

H
Transportation

DElectricity

FConstruction

CManufacturing

Amount almost EUR 1,195 billion (50% of total
exposures submitted).

Share of CPRS 1-6 related exposures as a percentage of total
exposures by NACE 1 sections – banks’ distribution (10th, 14
25th, 50th, 75th and 90th percentiles)
14
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Data Classification Approaches 4/13
GHG Emission-based Classification Approach 1/3
Banks’ total original exposures are allocated to six buckets of
GHG emission intensity.
EUR
2,34
Trillion

Very Low

Exposures submitted by banks

Low

Distribution
Of
Exposures

Medium

EUR
2,34
Trillion

Exposure classified

Medium/high

High

Very High

These exposures are more
sensitive to the possible
introduction of transition
policies aimed at reducing
GHG emissions.

EUR 828
Bilion

Exposures above the median.

15
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Data Classification Approaches 5/13
GHG Emission-based Classification Approach 2/3
A further breakdown of the last two GHG buckets shows that
Electricity (E) and Manufacturing (C) represent the most
GHG intensive sectors in terms of total amount of exposures,
containing 45% and 25% of all exposure to obligors with ’very
high’ GHG emissions intensities respectively.

The median of ‘very high’ emission obligors is almost 15%
and for some banks more than a quarter of their exposure is
to these obligors.

GHG buckets by selected NACE 1 section

Share of exposure in GHG bucket over total exposures – banks’ distribution
(10th, 25th, 50th, 75th and 90th percentiles)

B-MINING AND QUARRYING
C-MANUFACTURING
D-ELECTRICITY, GAS, STEAM
E-WATER SUPPLY, SEWERAGE, WASTE
MANAG
G-WHOLESALE AND RETAIL
Others

0
High

50

100

150

16

Very high
16
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Data Classification Approaches 6/13
GHG Emission-based Classification Approach 3/3
Manufacturing (C) and Transport
(H) exhibit a high dispersion while
others sectors like Electricity (D)
and Mining (B) show a low
dispersion and a significant
concentration of high emitters.

Exposures associated to GHG emission intensity buckets in NACE 1 sections (% of total)

The high level of heterogeneity
within NACE 1 sections confirms
the need to define more granular
reporting requirements at sector
level to achieve further accuracy
when analysing environmental risk.
17
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Data Classification Approaches 7/13
A Comparison between the CPRS and GHG Emission Based Approach 1/2
CPRS Approach
Scope

Estimate

Methodology

Source

Data coverage

GHG Emission Based

EUR 2.3 trillion were classified (98% of the EUR 2.35
trillion of exposures collected from banks).

EUR 1.93 trillion were classified (80% of the EUR
2.35 trillion of exposures collected from banks).

EUR 1.36 trillion (58% of the total) of exposures to
obligors that operate in NACE level 4 classes
potentially subject to transition risk.

EUR 828 billion (35% of the total) of exposures to
obligors with GHG emission intensity above the
median.

NACE 4 digit activities are classified into CPRS
categories based on 3 quantitative criteria.

Climate relevance of the obligor defined based
on the GHG intensity of the obligor (directly
matched or proxied). GHG intensity buckets
based on the distribution (percentiles) of the full
data available.

Academia.

External data provider and EBA calculation.

High: NACE 4 codes available for 98% of the
submitted data.

Low: 17% of total obligors have been matched
with individual GHG emissions. For 65% of total
obligors a proxy was applied as an individual
GHG emission was not available.

18
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Data Classification Approaches 8/13
A Comparison between the CPRS and GHG Emission Based Approach 2/2
The figure shows some correlation between the CPRS 1-6 and GHG estimates for high GHG emission buckets there
are, on average, 10% of outliers which means that some companies belonging to the ‘high’ and very high’ GHG
buckets can still conduct their main activity in sectors with low climate relevance (CPRS-others). On the other hand,
sectors of activities in CPRS 1-6 can still contain counterparties with production technologies that allow goods to be
produced with lower emissions than their peers, as shown by the share of outliers in the ‘low’ and ‘very low’ GHG
buckets.
CPRS exposures by GHG emission intensity buckets (% of total)

It is not possible to draw any similar
conclusion for the ‘medium’ and
‘medium high’ buckets for which the
level of GHG emission intensity does not
provide extreme values (values are lying
around the median) and therefore does
not allow for a clear categorisation of the
obligors
from
an
environmental
perspective.

19
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Data Classification Approaches 9/13
Scenario Analysis 1/5
❖ The analysis relies on the shocks on risk
parameters generated by the ECB topdown climate risk tool and focuses on the
impact that both transition and physical
risk might have on banks’ exposures
collected in the pilot exercise.

Transition to a
low carbon
economy

Impact the
cost-revenues
structure of
carbonintense firms

Physical Risk

Distruption of
physical
capital

Reduce firms
solvency

It increases
probability of
default (PD)

❖ Banks’ credit risk profiles can be affected
by climate shocks through the increase of
the riskiness of their counterparties.
❖ The ECB top-down tool takes into account
all these elements and model both
transition and physical risk into firms’ risk
parameters under different climate
scenarios, as designed by the NGFS, and
over a 30 year time horizon.

Reduce firms
solvency

It increases
probability of
default (PD)

20
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Data Classification Approaches 10/13
Scenario Analysis 2/5
The analysis with ECB climate risk top-down tool employs two adverse scenarios: the ‘disorderly’ and the ‘hot house world’ scenarios. The disorderly
transition scenario is associated with relatively high costs from a delayed and/or ineffective implementation of climate policies. This scenario
accompanied by limited physical risk. In the ‘hot house world’ scenario no new policies are implemented. In this scenario the costs associated to
the transition are very limited but those coming from physical risk are extremely high.

This scenario set-up enables a projection to be made of the
evolution of GDP, and to clearly assess the macroeconomic
impact deriving from the interplay between the cost of policy
action (transition risk) and inaction (physical risk).

GDP evolution under different climate scenarios

1
0,5

0
The figure shows how much GDP would
change under the disorderly transition and
hot house world scenarios, with respect to
the reference scenario (orderly transition):
while policy inaction would maximise GDP
growth in the short run, transitioning towards
a greener economy in an orderly manner
maximises GDP growth in the medium-tolong run. Additionally, even the relatively
higher costs associated with a disorderly
transition would be significantly lower than
any costs coming from higher physical risk in
the hot house world scenario.

-0,5
-1
-1,5
-2
-2,5

2020 2025 2030 2035 2040 2045 2050
Disorderly transition
and limited physical
risk
Hot house world and
limited to extreme
physical risk

-3
-3,5

21

-4
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Data Classification Approaches 11/13
Scenario Analysis 3/5
The figure shows two sets of results:
•
How much firm-level PDs would change on
average by sector and in each scenario:
these outcomes are represented by the bars.
•
How much PDs would increase when focusing
on the firms that are most vulnerable to
physical risk, again averaged by sector: these
are represented by the dots.

Sectoral changes (pp) in EUR firm-level PDs with respect to the orderly transition scenario
(2020 to 2050)

The outcomes show that default probabilities would
always increase more under the hot house world
scenario, with respect to both orderly and
disorderly transition. The results also highlight that
the firms most vulnerable to physical risk may be
subject to increases in their probability of default
that are much larger than for average firms. This
means that natural catastrophes work as amplifiers
of tail risk: the potential disruption in firms’
businesses could thus be extreme in some
geographical areas, especially if no new policies
to reduce carbon emissions are introduced.

22
Source: ECB calculations based on NGFS scenarios, 427 and Urgentem data, Orbis and Eikon

22
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Data Classification Approaches 12/13
Scenario Analysis 4/5
Banks’ distribution in each scenario: additional expected losses as a share of RWA of submitted exposuresdeviation from the starting point (bps).

At EU level, the additional
expected loss in the two adverse
scenarios, disorderly and hot
house world, is 160 and 175 bps
respectively. The distribution
across banks ranges from 58 bps
to 321 bps in the disorderly
scenario and from 65 bps to 343
bps in the hot house scenario.

Disorderly

Hot House

10th Percentile

58

65

25th Percentile

92

107

50th Percentile

146

167

75th Percentile

199

213

90th Percentile

321

343

EU average

160

175

Impact by selected NACE level 1 sections in each scenario: additional expected losses as a
share of RWA of submitted exposures- deviation from the starting point (bps)
Disorderly

Hot House

C – Manufacturing

11

12

D – Electricity, Gas, Steam

36

40

F – Construction

5

6

H – Transportation and Storage

6

7

L – Real Estate

50

53

Others

51

56

EU total

160

175

The impact is concentrated in Electricity
(D) and Real estate (L)
Impact of climate scenarios =
𝐸𝑥𝑝𝑒𝑐𝑡𝑒𝑑 𝑙𝑜𝑠𝑠𝑎𝑑𝑣𝑒𝑟𝑠𝑒 − 𝐸𝑥𝑝𝑒𝑐𝑡𝑒𝑑 𝑙𝑜𝑠𝑠𝑠𝑡𝑎𝑟𝑡𝑖𝑛𝑔 𝑝𝑜𝑖𝑛𝑡
RWAEUnonSME

23
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Data Classification Approaches 13/13
Scenario Analysis 5/5
Limitations to the Approach
➢ Static nature: the framework does not consider a
possible rebalancing of the corporate portfolio
based on the adaptation strategy of the bank.
➢ The analysis covers only a subset of exposures
which might not be representative of the
corporate exposures portfolio of banks
participating in the pilot exercise.
➢ It should be highlighted that the shocks on risk
parameters are not calibrated using the pilot
exercise data but are estimated separately by the
ECB model, and then applied to the pilot exercise
data.
➢ The model covers both transition and physical
risks, it was not possible to isolate the impact from
each of these

To conclude
➢ This is the outcome of a learning exercise and that
methodologies for sensitivity and scenarios analysis
are in their first phases of development and are
constantly evolving. Therefore, the tools used in this
section reflect meaningful progress in regard to the
identification and measurement of physical and
transition risks for the EU banking sector, but should
not be taken as the only possible way forward. The
findings of this analysis represent an empirical test
and should contribute to the on-going discussion on
how to model climate risk into banks’ credit
portfolios.

24
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Green Taxonomy Classification Exercise 1/11
Introduction
The assessment of greenness is important as banks have the capacity and are able to channel capital
flows towards environmentally sustainable activities. A green taxonomy, such as the EU taxonomy, is
designed for such purpose.

Focus

The quantification of the green share
of banks’ submitted exposures in line
with the EU taxonomy criteria. This
analysis is explorative and represents
a first attempt to approximate the
greenness of the EU banking sector
with the tools and information
currently available to banks.

Counterparty-level
information

Supervisory reporting data

vIn March 2021, the EBA published
Advice to the European Commission
on key performance indicators. The
proposed definition of the green
asset ratio as a ratio of taxonomyaligned exposures to taxonomyeligible exposures is conceptually
similar to the estimations made by
the EBA in this green classification
exercise.

In addition to the EU Taxonomy for
sustainable exposures, there is an
ongoing work by the platform on
sustainable finance, established by
the European Commission, to
propose a possible approach for
defining negative impact economic
activities (‘brown taxonomy’) and
no
impact
activities
(‘neutral
activities’).

26
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Green Taxonomy Classification Exercise 2/11
The EU Taxonomy
•

The EU taxonomy is a classification system establishing a list of criteria for the
classification of environmentally sustainable economic activities. It aims to help
companies, investors and policymakers to navigate the transition to a lowcarbon, resilient and resource-efficient economy in which economic activities
can be considered as environmentally sustainable.

•

The EU taxonomy is a classification system establishing a list of criteria for the
classification of environmentally sustainable economic activities. It aims to help
companies, investors and policymakers to navigate the transition to a lowcarbon, resilient and resource-efficient economy in which economic activities
can be considered as environmentally sustainable.

•

The EU taxonomy is currently limited to defining green activities considered as
environmentally sustainable and technical screening criteria have been so far
developed for two environmental objectives, climate change mitigation and
climate change adaptation. As the scope of the taxonomy does not cover the
full list of NACE activities, not all exposures provided by banks in this pilot
27
exercise can be assessed and classified according to the EU taxonomy.

Definition

Criteria

Extent

27
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Green Taxonomy Classification Exercise 3/11
Determining Greenness 1/4
Overview of banks’ efforts to apply the EU taxonomy at obligor level and gauges information on the alignment with
the EU taxonomy, or ‘greenness’, in the European banking sector. To facilitate estimation efforts, two approaches
for estimating greenness are being considered:

Bank estimation

Top-down tool

The ‘bank estimation’ is based on a best effort basis by banks to
classify the exposures according to the EU taxonomy. Banks were
encouraged to apply the EU taxonomy directly, however, as the
taxonomy is activity based, they needed to adapt and
approximate it to a counterparty/obligor level in line with the
information submitted in the exercise. When conducting the
mapping to the EU taxonomy, participating banks reported three
major challenges:
i)
the lack of client/counterparty data to run the classification
of the EU taxonomy;
ii)
considerable resources are required for its application;
iii) interpretation issues with the criteria specified by the
taxonomy.

The EBA applied a top-down tool approximating the application
of the EU taxonomy - ‘TAC estimate’ (taxonomy alignment
coefficient). The TAC represents the approximate degree of
greenness for a given NACE class and could be compared with
the bank estimation obtained by aggregating counterpartylevel estimates for the relevant NACE class.

28
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Green Taxonomy Classification Exercise 4/11
Determining Greenness 2/4
The figure shows the submitted total exposures of EUR 2.1 trillion (left bar) by banks. Most of the exposure (65%) is to obligors
whose main activity is in a NACE sector not covered by the taxonomy. Exposure to obligors whose main activity is in the
NACE classes covered by the EU taxonomy amounts to around EUR 0.7 trillion. Only part of this exposure is compliant with
the taxonomy criteria and hence, taxonomy-aligned. Moreover, 2% of the exposures are not classified by NACE
classification.
Coverage overview (green classification sample, in EUR tn)

❖ The right bar of Figure 16 gives an
overview of the exposure classified by
banks. Banks were able to classify in total
around EUR 0.6 trillion of exposures (28%
of the total). Within this amount, banks
classified EUR 0.25 trillion of exposures to
obligors whose main activity is in the
NACE sections covered by the taxonomy
while they classified EUR 0.34 trillion of
exposures as taxonomy-aligned although
these were exposures to obligors that are
classified in a NACE sector which is out of
scope of the EU taxonomy.

29
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Green Taxonomy Classification Exercise 5/11
Determining Greenness 3/4
Taxonomy breakdown by NACE sections (EUR bn)

❖ Out of the 21 available NACE sections, only 10
are identified as containing activities that are
covered by the EU taxonomy. The bulk of
exposures to counterparts whose main activity is
covered by the EU taxonomy (taxonomyrelevant) is located in five NACE level 1 sections.
This amounts to EUR 0.6 trillion (around 90% of the
EU taxonomy-relevant exposure). The highest
volumes are located in Real estate activities (L)
and Construction (F).
❖ About EUR 1.1 trillion (around 80% of the total
exposures) is not taxonomy-relevant and is
concentrated in five NACE sections. The highest
amounts of exposures that are not covered by
taxonomy are in the sections of Manufacturing
(C) and Wholesale and retail trade; Repair of
motor vehicles and motorcycles (G).

30
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Green Taxonomy Classification Exercise 6/11
Determining Greenness 4/4
The figure shows the share of exposures classified as green in relation to the total submitted
exposures for both bank and TAC estimates. The TAC estimate is only available for exposure inside
the scope of the EU taxonomy.
❖ Depending on their current capabilities,
banks are either able to classify a small
proportion (up to 30%) or a large proportion
(over 65%). Five banks were only able to
classify a relatively small sub-sample (below
2%), whereas five banks classified almost all
their submitted exposures. This suggests that
banks’ expertise is either well advanced or
they submitted the exposures that they were
able to classify. The average ratio of the bank
estimate is 40%. In comparison, using the TAC
methodology, around 37% of the total
exposure can be estimated and classified.
Due to the comparability, the dispersion of
TAC estimates is smaller and no general
pattern is observable.

31
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Green Taxonomy Classification Exercise 7/11
Greenness – A First Estimate 1/4
Coefficients of Greenness
The table compares the average coefficient of greenness applying both estimation techniques (TAC and bank estimates).

Possible explanation for the differences:
•

•

•

Comparison of greenness coefficients

The higher bank estimates may come from they
incorporate detailed information of the obligor,
whereas the TAC assigns a standardised coefficient
based on the NACE class of the obligor without
considering obligor-level information
Another reason is that most banks are not likely to
have a full methodology for measuring EU taxonomy
alignment in place, and hence their estimates are only
approximations.
Banks are also able to provide a green coefficient for
obligors whose main activity is not covered by the
taxonomy and therefore assign some level of
greenness to these obligors.
It also highlights a potential limitation of using NACE codes to approximate the activity-based taxonomy.

32
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Green Taxonomy Classification Exercise 8/11
Greenness – A First Estimate 2/4
Differences in assessing a counterparty
❖ Estimates are subject to a high degree of
variability across banks. This shows that banks
may use firm-level information to assess the
greenness of an obligor. This may reflect
banks’ knowledge of the sustainable and
environmental strategy of its obligor.
However, due to the lack of a clear and
harmonised classification framework, banks’
assessments differ largely for the same obligor.
Generally, bank estimates of the greenness of
their counterparts tends to be larger than
based on general proxies. This is mainly driven
by the estimation techniques banks already
have in place.

Comparison of coefficients for specific obligors

When the underlying assigned NACE code is not within the scope of the EU taxonomy the
TAC for this NACE class is zero.

In some cases, banks’ estimates are only based on an approximation of the EU taxonomy.
In addition, the results could be influenced by the amount of green activities that are actually financed by
33
a bank for a specific obligor, and not by differences in applying the EU taxonomy.
Therefore, the comparability of the bank estimation outcomes is reduced.
33
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Green Taxonomy Classification Exercise 9/11
Greenness – A First Estimate 3/4
The green amount
(bln EUR)

81

the coefficient stemming from the
bank assessment or the TAC method

its corresponding original nondefaulted nominal exposure value

The green amount of bank estimates associated with obligors whose main
activity falls within the scope of the taxonomy, equals to 81 billion.

162

The green amount according to the TAC estimates is EUR 162 billion.

179

Shows the combination of the bank and TAC estimates (i.e. the bank
estimate plus the TAC estimate for obligors where no bank estimate is
available) around 179 billion.

230

Lastly, if the potential green exposure identified by banks for obligors whose
main activity is outside the scope of the taxonomy is considered, the
34
notional amount would be around EUR 230 billion.
34
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Green Taxonomy Classification Exercise 10/11
Greenness – A First Estimate 4/4
EBA proposed a common definition and methodology to show the greenness of their activities in a comparable
and harmonised way. The green asset ratio (GAR) is constructed by dividing the green amount by the total original
exposure, using either the bank or TAC estimate.
❖ Considering the absence of a common and consistent
methodology applied by banks, the bank estimates
are not fully comparable. With regard to the TAC
estimate, it should be considered that it is a sectoral
estimate.
❖ For counterparties whose main activity is within the
scope of the EU taxonomy, the average GAR is 7.1%
for the bank estimate and 7.9% for the TAC estimate
(only one consistent and comparable). Bank
approaches may tend to overestimate the greenness
of the exposure, their estimates are widely dispersed
and no common pattern is observable. The reason
may also lie in the different underlying approaches
and techniques used by banks to assess greenness.
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Creating a common level playing field and employing common data definition and methodology appear to be essential.
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Green Taxonomy Classification Exercise 11/11
Banks’ Views on the Application of the EU Taxonomy
Banks were invited to participate in a questionnaire on the application of the EU taxonomy. The questionnaire reveals that many of
the participating banks are already equipped with some kind of an environmental ‘taxonomy’. Moreover, it sheds light on the fact
that banks are on different development paths in employing the EU taxonomy.
In respect to the EU taxonomy, the key challenge for banks is the availability of client data and their standardisation.

1/3 of the
banks was able
to classify nearly
all of the
submitted
exposure to
this exercise

1/3 was able
to classify less
than 10%
of the
submitted
exposure

1/3 was able to
classify around 20% 80% of the submitted
exposure to this
exercise

The large majority of banks (80%) think that the
ability of their clients to provide taxonomybased information in 2022 is below 30%. The rest
of the banks believe that their clients would be
able to provide such information for 30% to 60%
of their total exposures. Banks also flagged that
data services offered by professional third
parties for verification and monitoring would be
helpful.
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Conclusions and Next Steps 1/2
Pilot Exercise
The EBA and 29 European banks explored different tools to categorise exposures that could potentially be vulnerable to
climate risks and map ‘’green’’ exposures given the related data and methodological limitations that supervisors and the
banking sector are currently dealing with. This report summarises the main findings of the exercise highlighting potential
climate change related risks for the EU banking sectors and providing some estimates that should represent the starting point
for future EBA work on climate risk.

Data Classification Approaches
The classification methods based on the sectors of the counterparty allow higher coverage and compute estimates to be
obtained more easily with current available information. However, assigning the climate relevance of a counterparty based
on its main activity does not give a comprehensive and precise picture of its level of environmental sustainability. On the other
hand, using methods that rely on the carbon emission of the counterparty, allows banks’ environmental profiles to be analysed
more accurately but might be significantly affected by data limitation (coverage and consistency). Further, both classification
methods, i.e. sector classification as well as GHG emission intensity, should be complemented with information on forwardlooking targets.

Expected Credit Risk Losses
The framework employed in this exercise shows that there is dispersion across banks in terms of impact.
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Conclusions and Next Steps 2/2
EU Taxonomy
The report shows that banks apply different estimation approaches and that a high degree of heterogeneity in terms of
practices is observed across them. Despite the operational challenges, 25% out of the total submitted notional exposure in
NACE sections covered by the EU taxonomy in this pilot are identified ‘green’. The large share of the submitted exposure is
outside of the EU taxonomy and so the sustainability of this part of exposures remain unknown.
The report provides, in line with the recent EBA advice to the European Commission, a first application and estimate of the
‘green asset ratio’ for banks. A comparable green asset ratio is constructed and the average ratio across banks is estimated to
be 7.9%.

Limitations and Caveats
Firstly, since the evaluation of climate-related risks requires a different and broader set of information with respect to standard
risk assessment tools, limited data availability and reliability can affect results in terms of comparability.

Goals
Progress in disclosing GHG emissions and transition strategies by companies or more granular client information collected by
banks will help to bridge this gap and contribute to running more accurate and consistent estimates. The reference scenarios
currently available are a good starting point and more work would be needed to improve their usability for climate risk stress39
testing purposes.
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Sources and Literature
[01]

EBA. Mapping climate risk: Main findings from the EU-wide pilot
exercise. EBA, May 2021.

All the tables showed in the presentation are taken from the original paper or built from Iason Consulting
Ltd. with the same data.
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